


2. Basic Eclat Algorithm

Most frequent itemset mining algorithms as Apriori [1]
and Eclat [10] use a total order on the item®f the alpha-
bet and the itemsef8(A) to prevent that the same itemset,
calledcandidate is checked twice for frequency. Items or-
derings< are in one-to-one-correspondence vii¢im cod-
ings, i.e., bijective map® : A - {1,...,n} via natural
ordering onN
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datasets as it basically inverts the encoding of item occur-
rence and non-occurrence (dualization).



increasing; NREC, RECDEC, RECINC), omission of eg-
uisupport extensions (NEEeg-
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Figure 2. Evaluation of Eclat-SOPH (= eclat-Ist) vs. fastest algorithms of the FIMI-03 workshop.



[3] B. Goethals and M. J. Zaki. Advances in frequent itemset
mining implementations: Introduction to fimi03. In



